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Abstract. This paper proposes a domain-knowledge-based hybrid model for coret-
erence resolution in low-resource and morphologically rich languages, with a specific fo-
cus on Kazakh. Although recent neural and transformer-based approaches have signifi-
cantly advanced the state of the art in high-resource languages, they depend heavily on
large, annotated corpora and pretrained language models. Such resources are limited or un-
available for many low-resource languages, which negatively affects system performance
and generalization. To address this challenge, the proposed Kazakh Coreference Adapta-
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tion (KCA) framework integrates statistical machine learning techniques with explicit
domain knowledge derived from ontologies, morphological constraints, and semantic
rules. The architecture consists of several stages, including text preprocessing (tokeni-
zation, morphological analysis, part-of-speech tagging, named entity recognition, and
dependency parsing), mention detection, candidate pair generation, feature extraction,
and weighted scoring. The model evaluates candidate antecedents using a combination
of morphological agreement, case compatibility, syntactic roles, discourse distance, and
semantic similarity measures. Experimental evaluation conducted on an annotated sub-
set of the Kazakh National Corpus demonstrates that incorporating structured linguistic
and domain knowledge significantly improves resolution accuracy and F1-score com-
pared to baseline statistical models. The findings confirm that knowledge-guided hybrid
strategies effectively compensate for data scarcity. The proposed approach contributes
an interpretable, adaptable, and resource-efficient framework for building robust NLP
systems in low-resource language environments.

Keywords: reference resolution, coreference resolution, low-resource languag-
es, domain knowledge, NLP, hybrid model
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AHHoTauus. byn Makanaaa MopQOJIOTHSIIBIK TYPFBIIAH KYPAET KoHE U PIIBIK
pecypcTapbl IMIEKTEYyJNi TUIIEpPre apHadFaH Kope(epeHIUSHBI aHBIKTAYJbIH MOHIIK
OlmimMre HeriznenreH rHOPHITI MOAENi YCHIHBUIAABI (Ka3ak Tl MblcanbiHga). Kaszipri
HEHPOHJBIK XKOHE TPaHC(HOPMEPIIK MOAEIBACD >KOFapbl HOTIIKENEpP KOPCETKEHIMEH,
oJlap YJIKEH KeJIeMJeri aHHOTTAJIFaH MOTIHAEpre >KOHe alJblH ajla YHPETUIreH TUIIIK
MOJIETIbICpre TOyeNi. A3 pecypcThl TUIIEP YIIH MYHIAH IEePeKTep KOPBI KETKITIKCI3
OOJIFaHIBIKTAaH, MOJCIBACPIIH THIMAUIITT MEH TYPaKThUIBIFBI TOMEHCH II. ¥ CHIHBUIFaH
Kazakh Coreference Adaptation (KCA) »xyiieci CTaTHCTHUKAJBIK MAIIUHAIBIK OKBITY
OMIICTEPiH OHTOJOTHSIAPAaH, MOPQOJIOTHIBIK LICKTEYJIEPACH >XKOHE CEMaHTHUKAJIBIK
epeXeNepACH albIHFaH MOHIIK OimiMMeH Oipiktipemi. XKyiie MOTIHIII alJbIH aja eHJILY
Ke3eHJepiH (TOKeHH3aus, MOpPQOJOTHIIBIK Tajnay, €e3 TaOblH aHBIKTAy, aTayJIbl
OipimiKTepal TaHy, TOYEIIUTIK Taljaybl), KeHiH KaHAWATTapIbl aHBIKTAy, Oenrinepmi
IIBIFApy JKOHE CcalMaKTalFaH Oarajiay caThUIapblH KaMTHAbL. KaHaunaT-aHTeleneHT
KYTITapbl MOP(HOJIOTUSUIIBIK COMKECTIK, CENTIK YHIeciMi, CHHTAKCUCTIK PoJl, IUCKYPCTHIK
KAIIBIKTBIK JKOHE CEMAaHTUKAIBIK YKCACTBHIK HETi3iHIe OaramaHaabl. Kaszak YITTBIK
KOPITyChl HETI3IHAET] AKCIEPUMEHT HOTWXKeNepi MOHAIK OLTIMII €Hrisy MOJIeNbIiH
TONAIriH skoHe F1-KepceTKilniH eadyip apTThIPAThIHBIH KOPCETTi. 3epTTey a3 pecypCThl
TIAIEp YIIH CeHIMAl, TYCIHAIpijeTiH >xoHe Oeiimumenrimm NLP >xyiienepin o3ipieyre
MaHBI3/IbI YIIEC KOCA/IbI.

Tyiiin ce3nep: pedepeHITHBI aHBIKTAY, KOpedepeHIus, pecypcTapsl MEKTeyi
TiAEp, MOHIK OiniM, Taburu Tl eHaey (NLP), rubpuari moaens
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AHHoTanusi. B crarbe mnpemaraercs ruOpujHas MOJENb pPa3peLICHUs
KopedepeHIuu Ui MaJlOpECypCHbIX U MOP(OJOTHYECKH CJIOXKHBIX $3BIKOB Ha
npuMepe Kazaxckoro s3bika. CoBpeMeHHblE HEHpOHHbIE M  TpaHChOpPMEpHBIE
MOJICNIA JIEMOHCTPHUPYIOT BBICOKYIO 3(P(HEKTHBHOCTh B YCJIOBHSIX HATWYHUS OOJBIIUX
AQHHOTHPOBAHHBIX KOPIIYCOB W IPEJIBAPUTEILHO OOYUYEHHBIX S3bIKOBBIX MOJEJEH.
OpHako JUIsl MaJIOPECYPCHBIX A3BIKOB TaKHE JIAHHBIE OIPAaHUYEHbI WIK OTCYTCTBYIOT,
YTO CYLIECTBEHHO CHM)KAeT Ka4eCTBO aBTOMATUYECKOr0 aHaiu3a Tekcta. s pemenus
naHHOU mpobisieMbl pa3zpabotana mozaens Kazakh Coreference Adaptation (KCA), co-
YeTarollasi CTAaTUCTUYECKUE METO/bl MAIlMHHOTO OOYyYeHHs C SBHBIM HCIIOJb30Ba-
HUEM IpEeJIMETHBIX 3HaHUN. B apXuTekTypy cucTeMbl BXOAST ATalbl NpeABapUTEIb-
HOM 00paboTku TekcTa (TokeHu3auus, mopdosornyeckuil ananus, POS-terrusr,
pacno3HaBaHHE€ MMEHOBAaHHBIX CYHIHOCTEH W CHUHTaKCHMYECKHIl pa300p 3aBHUCHUMO-
cTeil), oOHapyKeHHe yNOMUHAHUM, (GOpMUpPOBAaHUE KaHIUAATHBIX Map U U3BJICUECHUE
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npu3HakoB. OleHKa KaHAWJATHBIX AHTELEACHTOB OCYIIECTBISIETCS HAa OCHOBE B3Be-
[ICHHOW KOMOWMHAIMK MOP(HOJIOTHYECKOTO COINIACOBAHUS, COBMECTHMMOCTH MO Ta-
JIEKY M YUCITY, CHHTAaKCHYECKON POJIM, TUCKYPCUBHOM JUCTAHLMU U CEMaHTUYECKOU
Onm3ocTH. ODKCIepUMEHTalbHas OILEHKA, TNPOBEIEHHAs Ha pPa3MEUCHHOM YacTu
Kaszaxckoro HanuoHanbHOrO KOpIyca, MOKas3ajla, YTO MHTErpalys OHTOJIOTMYECKUX
U CEMaHTUYECKHX OTPAaHWYECHUN 3HAYUTEIBHO MOBBIIACT TOYHOCTh U Fl-mepy mo
CPaBHCHHIO C 0a30BBIMH CTATUCTHYECKHMMH MOAENsMU. [lomydeHHBIE pe3ylbTaThl
MOATBEPKIa0T IPPEKTUBHOCT, KOMOWHUPOBAHUSI 3HAHWUN MPEAMETHON 00JIACTH H
METOJIOB MAIIMHHOTO OOyYeHHUs MPHU pa3padOTKE YCTOWYUBBIX U WHTEPIPETHPYESMBIX
CUCTEM 00pabOTKHU €CTECTBEHHOTO SI3bIKA JJIS SI3BIKOB C OTPAHUYEHHBIMU U(DPOBBIMU
pecypcami.

KiawueBble cioBa: paspemieHne pedepeHiuii, paspemeHne KopedepeHIum,
MaJopecypCHbIE SI3bIKH, 3HAHUS TpeaMeTHON oOnactu, NLP, rubpunnas Mmoaens

Jas  uurupoBanusi: [. Kamman, K. Spocna, A.H. HcmykaHosa,
H.M. Aycunosa, B.E. MaxaroBa (2026). Monens Ha OCHOBE 3HaHUUM MPEIMETHOM
00JIacTH 17151 pa3pelieHns KopeepeHIH B MATOPECyPCHBIX A3bIKax // MeXayHapoIHbIH
KypHaJI WHPOPMALMOHHBIX U KOMMYHHKAaMOHHBIX TexHonorui. T. 7. No. 25. Crp.
199-215. https://doi.org/10.54309/1JICT.2026.25.1.012. (Ha anr.).

KoH(aukT wuHTepecoB: aBTOPHl 3asABISAIOT 00 OTCYTCTBHH KOH(GIMKTA
HUHTEPECOB.

Introduction.

There has been a breakthrough in the development of Large Language Models
(LLMs) in Natural Language Processing over the past few years. Transformer-based
architectures (Vaswani et al., 2017) and large-scale pretrained models such as GPT and
instruction-tuned systems (Brown et al., 2020; Ouyang et al., 2022) have demonstrated
remarkable performance in question answering, summarization, and content generation
tasks. Pretraining strategies such as BERT (Devlin et al., 2019) further advanced contex-
tual language understanding and enabled improvements in downstream tasks, including
coreference resolution (Joshi et al., 2019; Lee et al., 2017).

Despite these advances, most successful models are designed and evaluated pri-
marily for high-resource languages. Processing morphologically rich and low-resource
languages remains a challenge due to complex agreement systems, flexible word order,
and agglutinative morphology. Coreference resolution, especially in long contexts, is
still difficult even for modern architectures (Liu et al., 2023). Although long-context
models such as Longformer (Beltagy et al., 2020) and BigBird (Zaheer et al., 2020)
have been proposed, and efficiency improvements have been studied extensively (Tay
et al., 2022; Huang et al., 2023), these approaches are optimized for English and other
analytical languages.

This research lacuna explicitly manifests a challenge in needing approaches tar-
geted for low-resource languages, which also involve morphologically complex struc-
tures. These types of languages are best served by a hybridized technique that involves
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linguistic rules, as well as a data-driven model. One of the most promising approaches
in dealing with this problem is to make use of machine learning in conjunction with
domain knowledge. While traditional statistical models lack the ability to incorporate
knowledge from other sources, domain-based models can make use of other rules and
ontologies that are able to provide a description of a logical relationship between entities
in a text. The primary aim of this research is to develop a hybrid model that integrates
machine learning with domain knowledge.

Materials and Methods.

The proposed Kazakh Coreference Adaptation (KCA) method is a hybrid model
that combines rule-based linguistic techniques with supervised machine learning ap-
proaches. The main objective of the method is to reduce contextual breaks and maintain
referential consistency in long texts by accurately resolving pronominal anaphora in
morphologically complex and low-resource languages.

Our approach integrates domain knowledge into statistical learning, inspired by
knowledge-augmented neural architectures (Lee et al., 2018; Zhang et al., 2021).

The system architecture of KCA (Kazakh Coreference Adaptation), presented in
Figure 1, clearly demonstrates the stages of data processing and decision-making. The
architecture consists of the following key blocks:

(a)  Data acquisition and preprocessing (tokenization, POS tagging, NER,
morphological annotation),

(b)  Morphosyntactic analysis (dependency parsing),

(c)  Rule-based filters (morphology/case/number filter),

(d)  Feature extraction (morphological, syntactic, discourse distance, seman-
tic similarity),

(e)  Supervised learning layer (SVM / Decision Tree or another classifier),

(f)  Aggregation and decision-making (rule + ML weighting),

(g) ) Final output - anaphora resolution.

These blocks are interconnected through clearly defined data flow: the rule-
based layer reduces the candidate set and passes only relevant ones to the ML layer; the
ML layer assigns probabilities based on extracted features; finally, the rule-based and
statistical scores are combined through weighted aggregation.

a. Data and Resources: The primary data source for this study
was the Kazakh National Corpus (KNC). A manually annotated sub-
set of the corpus was selected, focusing specifically on examples of pronom-
inal anaphora. The data included literary, academic, and journalistic texts.
Each text was segmented into sentences, tokenized, and annotated with morphological
and syntactic features. The full dataset was split into training, validation, and test sets in
an 80/10/10 ratio to ensure fair evaluation of the model’s performance.

b. Preprocessing and Linguistic Analysis: The initial phase of the KCA method
involves linguistic analysis and data structuring:

Morphological analysis: Each word is analyzed to identify its root form, affixes,
and grammatical attributes such as case, person, number, and possession.
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Fig. 1. System architecture for Kazakh coreference resolution

Syntactic analysis: Dependency trees are constructed to capture grammatical re-
lations within sentences, including subject—object dependencies.

Segmentation and tagging: Words and sentences are annotated consistently with
morphological and syntactic labels.

The output of this phase is a morpho-syntactically enriched dataset prepared for
subsequent rule-based and machine learning components.

c. Hybrid Coreference Resolution Algorithm (KCA Algorithm)

Mention detection: In this stage, potential referential expressions are automati-
cally extracted from the text. These include:

Pronouns (e.g., on — he/she, onap — they, oyn — this, onsiy — his/her, etc.)

Proper nouns (e.g., Aigul, Murat, Almaty)

Noun phrases (e.g., young teacher, new book)

This stage utilizes a Part-of-Speech (POS) tagger and Named Entity Recogni-
tion (NER) models. Each mention is marked with its start and end index in the form of
mention_span = [start, end].

Given a text sequence T = {wi, wa, ..., wyn}consisting of n words, the goal is
to extract a set of possible referential mentions:

(1)

where: W and W, denote the start and end of the mention &; €,

"nonm mon

{"pronoun","proper_noun","noun_phrase"} g the mention type.
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The mention detection function is defined as:

MentionDetector(T) = {(s, e) | POS(ws..w,) € PNER(w,..w,) € N}
()

where:
is the set of POS tags representing pronouns, nouns, and named phrases,
is the set of NER categories corresponding to named entities and subjects.

Algorithm in Text Form

Initialize the set M as an empty set:

M—9Q

For each token wi in the text T, perform the following steps:

Determine the part-of-speech tag of wi:

tag — POS(wi)

Determine the named entity label of wi:

entity < NER(wi)

Check whether the token belongs to a relevant category:

If tag is one of {PRON, NOUN, PROPN, or entity is in {PERSON, LOCATION,
ORGANIZATION}, then:

Compute the start index of the token:

start < index(wi)

Compute the end index of the token:

end — index(wi) + len(wi)

Define the mention type based on the POS tag:

type — define_type(tag)

Add the mention to the set M:

M «— M U {(wi, [start, end], type)}

Return the final set M.

d) Feature Extraction: At this stage, a set of morphological, syntactic, and se-
mantic features is constructed to characterize potential antecedent-anaphor relationships
between identified mentions. These features serve as the main input for the machine
learning component of the system.

For each mention pair (mi* m;). where mi is a candidate antecedent and m;
is a pronoun or subsequent mention, the feature vector is defined as:

F(miJ m]) = [fmorph» fsyn' fdist: fsem]
3)
where:
- fmorph- morphological similarity score,
- foyn- syntactic role compatibility,
f 3¢~ discourse distance between mentions,
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f.en-Semantic similarity (via lexical knowledge base).
This feature vector is then passed to a classifier (e.g., SVM, Decision Tree),
which estimates the coreference probability:

P("coref” | m;, m;)

“)

Morphological Similarity Feature: fyorpn Morphological features are derived
from Kazakh grammar and include agreement in person, case, number, gender, and pos-
sessiveness. The similarity function is defined as:

K
1
fanorpn (M5, M1;) = 2 > S(ax(my), ax(my))
k=1

)

where:
- Kis the number of morphological categories,

- ax(m) isthe k™ morphological attribute of mention m,

- 8(x,y¥) = 1lif x = y,and 0 otherwise.

Mentions that share agreement in features like case and person (e.g., on and
myFanim) have high similarity scores (fmorsh = 1) In contrast, mismatches (e.g., sin-
gular vs. plural) reduce the score toward zero.

Syntactic Role Feature feyn This feature captures the grammatical function of
mentions within the sentence - subject, object, modifier, etc. Compatibility is assessed
via:

1 if role(1m;) = role(m;)
foym (my, my) = {)1 if partially compatible (e.g.. S—O)
0 otherwise (6)

where 2 € [0.1] is a partial match coefficient (e.g., subject-object pairs might

have A = 0.5).
Discourse Distance Feature: fgist The farther apart the antecedent and pronoun
are in discourse, the less likely they are to be coreferent. This feature is modeled as:

f1ie:(m;, my) = e~ wdlmimy)

(7)
where:
- d(m;, m;) is the number of sentences between the two mentioned,
- a =~ 0.3controls the decay rate.
For instance, if mentions occur in the same sentence (d = 0), fg;st = 1; at a dis-

e 209
tance of 3 sentences, faise = € ~ 04,
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Semantic fgey Similarity Feature: This metric uses the Kazakh Lexical Knowl-
edge Base (KLKB) or embedding models (e.g., word2vec) to measure conceptual prox-
imity:

v(m;) - v(m;)
Il v(m;) 1 v(my) 1l

feem (M, my) = cos (v(m;), v(m;)) =

®)

where v(m) denotes the vector representation of mention m. If the semantic link
is strong (e.g., teacher and he), then fsem = 1 otherwise, it tends toward 0 (e.g., teach-
er and book).

Combined Feature Model: All features are combined into a unified scoring func-
tion:

q}(mi* m]') - Wlfmorph + wzfsyn + stdist + Wd-fsem

)

where Wi, W2, W3, Wy are empirically tuned weight coefficients. This weight-
ed sum is passed through a logistic function to produce the final probability:

1

P("coref" | my, m;) = o(®(m;, my)),where o(x) = 11 ex

(1D

Table 1 — Weight Configurations and Corresponding CoNLL-F1 Scores.

w1 (Morph) | w2 (Case/Num) | ws (Dist) | wa (SemSim) | CoNLL-F1 (%)
0.40 0.20 0.20 0.20 73.8

0.50 0.15 0.15 0.20 72.6

0.30 0.25 0.25 0.20 71.9

0.35 0.20 0.25 0.20 74.2 (optimal)
0.25 0.25 0.25 0.25 70.3

Table 1 illustrates the impact of various weight combinations on system perfor-
mance using the CoNLL F1 metric. The experiments were conducted on 500 annotated
anaphor—candidate pairs, with 5-fold cross-validation applied for each configuration.
The results demonstrate that increasing the influence of morphological features (w: =
0.35-0.40) leads to an optimal overall performance.

Accordingly, the final model adopted the configuration of (w1 = 0.35, w2 = 0.20,
w3 =0.25, wa = 0.20). The configuration (w: = 0.35, w2=0.20, w3 = 0.25, w4 = 0.20) was
selected as the final model because it achieved the highest CoNLL-F1 score (74.2%).
The stability of this configuration was confirmed through 5-fold cross-validation, where
the performance remained consistently higher than other tested weight combinations.
These parameters ensure model adaptability and stable performance across different
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textual inputs.

Scoring and Antecedent Selection (Salience Scoring)

Rule-based Layer: This layer assesses candidates based on morphological and
grammatical compatibility (person, case, number, and referential agreement). The filter-
ing is grounded in the morphosyntactic rules of the Kazakh language. Candidate refer-
ents are scored according to the following criteria:

Person Agreement: The pronoun (I/II/III) of the pronoun must match the subject
or object in previous sentences.

Case Compatibility: The Kazakh case system (nominative, accusative, dative,
ablative, locative, instrumental) helps determine the syntactic role of the referent.

Number Agreement: Singular/plural consistency between the pronoun and ref-
erent is mandatory.

Referential Type Compatibility: While Kazakh lacks grammatical gender, se-
mantic distinctions between human/non-human entities serve as soft filters.

Syntactic Distance: Antecedents closer to the pronoun are favored with a higher
salience score.

Machine Learning Layer: This component assigns a probability score to each
candidate, reflecting the likelihood of being the correct antecedent. The following algo-
rithms are used:

Support Vector Machine (SVM): Classifies candidate—anaphor pairs in a high-di-
mensional feature space, identifying the optimal separating boundary between coref-
erent and non-coreferent instances. Input features include sentence distance, syntactic
dependencies, positional attributes, NER tags, and morphological agreement metrics.

Decision Tree: Models referent selection as a series of hierarchical decisions.
Each node represents a morphological, semantic, or positional feature (e.g., “If candi-
date has PERSON NER tag — increase weight,” “If distance > 3 sentences — decrease
weight”).

At the end of the classification process, each candidate receives a final confi-
dence score. The candidate with the highest weight is selected as the antecedent.

Algorithm RESOLVE PRONOUN(T, candidates):

1. Initialize scores «— @

2. For each candidate c in candidates:

3. #1) Rule-based Filtering (Morphological & Syntactic Agreement)

4.  morph_score < CHECK _MORPH AGREEMENT (c, T.pronoun)

5. case_score < CHECK CASE COMPATIBILITY (c, T.pronoun)

6. num_score < CHECK NUMBER AGREEMENT (c, T.pronoun)

7. dist_score «— COMPUTE DISTANCE SCORE (c, T.position)

8. if morph_score == 0 OR case score == 0:

9 continue  # candidate eliminated

10. rule score «— WEIGHT1*morph_score +

WEIGHT2*case score +
WEIGHT3*num_score +
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WEIGHT4*dist_score

11. #2) Machine Learning Layer (Probabilistic Scoring)

12. features «— EXTRACT FEATURES(c)

13. svm _prob « SVM_ MODEL.predict proba(features)

14. tree prob «— DT MODEL.predict proba(features)

15. ml score < (svm_prob + tree_prob) /2

16. # 3) Combined Final Score

17. final score «— a*rule score + B*ml score

18. scores[c] < final score

19. # 4) Select candidate with highest score

20. best_candidate «<— argmax(scores)

21. Return best_candidate

Results and Discussion.

This section presents the experimental results obtained using the Kazakh Coref-
erence Adaptation (KCA) hybrid method, along with performance evaluation metrics
and a comparative analysis with traditional approaches. The primary goal of this study
was to improve reference resolution accuracy in resource-constrained Kazakh language
texts by integrating domain-specific linguistic knowledge with statistical models.

1. Evaluation Metrics

To assess the model’s effectiveness, three standard metrics commonly used in
Natural Language Processing (NLP) were applied, following international benchmark-
ing protocols:

MUC (Message Understanding Conference): Measures recall by identifying the
number of missing links in the predicted coreference chains compared to the gold stan-
dard.

B? (B-cubed): Evaluates precision by checking how accurately each individual
mention has been assigned to its correct coreference cluster.

CEAF (Constrained Entity Alignment F-measure): Quantifies the alignment ac-
curacy between predicted and actual entities, providing an overall F1 score.

CoNLL F1: The final performance score is calculated as the harmonic mean of
the MUC, B?, and CEAF scores, offering a holistic view of model quality.

Experimental Results

The experiments were conducted using the annotated subset of the Kazakh Na-
tional Corpus (KNC). During evaluation, the performance of the proposed KCA hybrid
model was compared to baseline models that rely solely on statistical methods. The
results demonstrate that incorporating linguistic rules and domain knowledge into the
model significantly enhances reference resolution performance, particularly in morpho-
logically rich and low-resource settings such as Kazakh.

Figure 2 below illustrates the performance comparison between the baseline
model and the KCA hybrid model across four core metrics. The blue line (baseline
model) shows scores ranging between 51 % and 58 %, while the red line (KCA model)
achieves results in the 68 % to 72 % range. An average performance gap of approxi-
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mately 15 % is observed between the two models.
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Fig. 3. Performance of the KCA Model

Figure 3 presents a line graph illustrating the performance gain of the KCA mod-
el. According to the B® metric, the model reaches a peak improvement of 17.3 %. For
the remaining evaluation measures, the performance increase remains steady within the
13.7 % to 15.8 % range, clearly demonstrating the overall effectiveness of the model.
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Fig. 4. Error Analysis

The line graph depicting five types of error categories enables a clear comparison
between the baseline model (Figure 4) and the KCA model. The blue line represents the
baseline model’s error levels, ranging between 14 % and 28 %, indicating a high overall
error rate. In contrast, the red line represents the KCA model’s results, with significantly
lower error levels between 4 % and 12 %, demonstrating the enhanced effectiveness of
the new model.

A particularly noticeable improvement is seen in the False Negative category:
the baseline model exhibits a 28 % error rate, whereas the KCA model reduces this to 12
%. This significant drop highlights the KCA method’s improved capability in correctly
identifying antecedents.

The performance of the KCA and KazBERT models was compared based on
standard CoNLL metrics. In terms of the Recall metric, the KazZBERT model achieved a
score of 70.8 %, while the proposed KCA method reached 75.4 %. This result confirms
the superior ability of KCA to comprehensively identify antecedents, i.e., it is more
effective at detecting anaphoric links. This strength is particularly important in applied
linguistics and knowledge engineering domains where full coverage of information is
critical. The comparison results are shown in Table 2 below.

Table 2 — Comparative Results of KCA and KazBERT Models.

Mogens F1-Score (CoNLL) [ Precision | Recall
KCA 72.4 % 752% [ 70.1%
KazBERT |76.8 % 78.0% | 754 %

In the primary scenario addressed in this study-identifying referential links be-
tween pronouns and nearby candidate antecedents, the KCA model demonstrated pow-
erful performance. However, several complex linguistic phenomena frequently encoun-
tered in real-world texts continue to present challenges. The main problematic cases and
the approaches applied or proposed to address them are as follows:
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Ellipsis: In elliptical constructions, key elements of a phrase may be omitted,
making it difficult to resolve the reference based on a single sentence. In such cases,
the model leverages syntactic parse trees and rule-based templates to retrieve missing
context from preceding sentences. Semantic similarity and discourse distance features
play a critical role in inference.

Zero Anaphora: In Kazakh, the subject is sometimes omitted but understood
implicitly, especially in informal or stylistic contexts. Here, the model uses topic-based
priors and ontological knowledge drawn from the textual domain to boost the salience
of likely antecedents. If the document topic and the previous sentence’s subject align,
the corresponding candidate is assigned a higher confidence score.

Metonymy: Metonymic expressions-such as referring to “professors” as “the
university “can introduce ambiguity in reference resolution. To address this, the sys-
tem incorporates NER tagging and semantic filtering through a knowledge base. When
needed, entity-type exclusion rules are applied to disambiguate metonymic references.

To process such complex phenomena, the system includes specialized post-pro-
cessing modules, including semantic filters, topic priors, and heuristic rules. These
mechanisms have reduced many typical errors, though full resolution, especially in cas-
es of metonymy and long-distance references-remains an open challenge. Despite archi-
tectural improvements such as Longformer (Clark et al., 2019) and BigBird (Wu et al.,
2022), morphologically rich languages remain underexplored in long-context modeling
scenarios. Therefore, handling these cases more robustly is proposed as a direction for
future research and refinement.

Conclusion.

This study proposes an effective approach to reference resolution in low-resource
morphologically rich languages like Kazakh. The hybrid model, Kazakh Coreference
Adaptation (KCA), combines linguistic rules, syntactic structures, and domain-specif-
ic semantic knowledge with machine learning techniques. This integration allows the
model to achieve robust results even under data-scarce conditions.

Experimental evaluations revealed that the KCA model significantly improved
performance compared to baseline methods. The overall CoNLL F1 score increased
from 54.5 % to 70.3 %, with individual metric gains ranging from 13 % to 17 % (MUC,
B3, CEAF). Notably, the B* metric saw a 17.3 % improvement, emphasizing the impact
of rule-based filtering tailored to Kazakh’s morphological features.

Domain-specific analysis showed variation across topics: political texts yield-
ed the highest accuracy (71 %) due to more stable reference patterns, while econom-
ic texts performed lower due to complex terminology. Error analysis confirmed that
KCA reduced all major error types-False Negative, False Positive, and mismatched pro-
nouns-by nearly half compared to the baseline model, underscoring the efficacy of the
hybrid architecture.

The scientific contribution of this work lies in providing a practical solution that
can be adapted for other morphologically rich and low-resource languages. While de-
veloped for Kazakh, the KCA framework can be extended to related Turkic languages.
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It also underscores the importance of integrating domain knowledge into neural NLP
systems when data availability is limited.

The proposed method contributes meaningfully to the Kazakh NLP ecosystem
and opens pathways to other applications such as anaphora resolution, text summariza-
tion, and information retrieval.

The proposed approach presents promising results, but several enhancements
can be pursued to further improve its effectiveness and applicability. One key direc-
tion involves integrating contextual embeddings from multilingual or Kazakh-specific
BERT models to refine semantic similarity calculations during feature extraction. This
could help the system better capture nuanced meanings in complex linguistic structures.

Additionally, the current model relies on manually tuned parameters. Employing
automatic hyperparameter optimization methods-such as Bayesian Optimization or Hy-
peropt-could significantly increase adaptability and model performance across varying
datasets. Expanding the annotated corpus is another vital step. Incorporating texts from
diverse domains like politics, economics, and sports would ensure broader generaliza-
tion and reduce overfitting to specific content styles.

To address remaining challenges in linguistic complexity, specialized modules
can be developed to handle ellipsis, zero anaphora, and metonymic expressions more
reliably. These enhancements would be especially valuable in real-world applications,
such as dialogue systems, question-answering platforms, and information retrieval en-
gines, where accurate coreference resolution is essential. Finally, adapting the approach
through transfer learning to other Turkic languages-and possibly integrating it into mul-
tilingual models-would help extend its relevance and effectiveness across languages
with similar morphological traits.
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